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Abstract

Sequential pattern mining is an important
research topic in the data mining community.
With the emergence of new applications, the data
we need to process is not again static, but the
continuous dynamic data stream. Examples
include network traffic analysis, Web click
stream mining and on-line transaction analysis. In
the process of mining association rules,
traditional methods need to read the database

more than once. However, due to the
consideration of performance and storage
constraints, on-line data stream mining

algorithms are restricted to making only one pass
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over the data. In this paper, we design an efficient
algorithm for mining top-k closed sequentia
patterns over a stream sliding window. Because
finding an appropriate support threshold is not
easy, previous related researches use “minimum
length” to replace “minimum support”. That isto
discover closed sequentia patterns of length no
less than the minimum length. However, the
method will lose information about sequential
patterns with short length but high support. Thus,
we use “maximum length” in this paper instead.

Keywords: data mining, data stream mining,
diding window, sequential pattern, closed
sequential pattern
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