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Abstract

Credit scoring and behavior scoring have
become very important credit risk management
tasks during the past few years due to the impact
of credit and cash card crises in Taiwan and the
subprime mortgage crisis throughout the world.
The objective of the proposed study is to explore
the performance of behavior scoring using four
commonly discussed data mining
techniques-linear discriminant analysis (LDA),
backpropagation neural networks (BPN),
classification and regression tree (CART) and
multivariate adaptive regression splines (MARS).

Elﬁ_,lL p“i?l‘wlﬂ""hl-r

To demonstrate the effectiveness of behavior
scoring using the above-mentioned techniques,
behavior scoring tasks are performed on one bank
credit card dataset in Taiwan. As the results
reveal, CART not only outperforms LDA, BPN,
and MARS in terms of scoring accuracy but also
provides managerial implications with the
obtained rules, and hence is an efficient
alternative in implementing behavior scoring
tasks.

Keywords: data mining, behavior scoring,
artificial neural networks, classification and
regression  tree, multivariate  adaptive
regression splines
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BRSO P b p i 2 Bar e de
BH @ N -~ ek R % #k (Friedman,
1991) - @ 245 LOF ;<% _BF i #cpF > 1 & ¥ %
A& BF fe4r ~ {8 > &3 1 B89 &
?cﬂf* R AREAT AV R DFERPN
YUV MBS AT SR R o e i B TR R 2
Hdr e m HAEFrenfE 4 4o b it o .00 LOF e
Lode L H[# @ R Y 1% L GCV

NS

~=$

(generalized cross validation) » #_d Spline %7
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7 4% 48(Craven and Wahba, 1979)#7# ) e %7
ki3] GCV e = 2

"F?l;—

LOF(%M)=GCV(M)=
A 3)
1< C(M)T (
- = (O] 1-——
0= tuor /| 1-S8
H? C(M)a 4™ m i BE #75 if &
s M ﬁ’s -@ m’}qﬂi,\a q_\j\ E] 3 ;|J %i;\‘ .

ALF (0, F 0] =[ £ (x)— f (0T )

ootk B 1 h MARS o5 Ed 5 B
ERAE R o ¥ - BALSE P
Y73 4r BF (#77 0 Bk 47BN R
BRI - BREOREG L )],Jr_,q,\ap;fg‘_;\ HF
A %z AR LR TRAL R TR
otk A RN 0 E RIS D - BRA R Rk
B e i l—%ﬁh FE ST TR
‘?’%’g‘ﬁ FARL TR AR NE LT R X
B A IFEALR B E &2 O MARS 7 U v 3L
PEBSEY Y ER AR AR FTREENT
FLE A Flot MARS 2 B 6007 1236 d i
SR EARA 0 B S NERC R AR AT RT R
%Tﬁ" E i R RO T T o A igBAT
S F RN SRR 0 T O B AR
Forrk TR FENES g 2P o B
VU R Bz P enE B A B TR o

s N R 7

F]F’E')

o SRR - AR FAL 0 LR
BEL G RESBEERREY P F IS &
A 2005 £ 0 LEHETFAD R
SRl SRR R Rk S S
L EppEEE ) P asLEt o A G
A qHgH BRI R @R
Fadlin® B2 maet o R FF ABRE
ESVIP~ 2+ X HRE 7 "o FPa T
PHHE AR FRFIL LB
BRud SELY 12 B apRd
P 2006 E - U2 MEITE LR L S
e ETR R ALY FRTHEEL 5
5000 ¥ A FHL o B B IGATF 0
WA * = k5 B (binary classifiers) I #-F
L L # (binary
classification) i* 42 (Noh et al., 2005) = d ** & f&
EoMAF SR IE FEAR O BERE
B - FehEH et R B
- LAV dAFIEL AL ARy
| ¥ ¥R EERSL &
BHPE 45 HAFHFA0R 1
ﬁ;’%’ﬁ%‘j‘—%‘ 1,770 & -~ ¥ T S0
L L1708 @R E &) ¢ k4 1,510 &

¥
Fe

iy is o ik

¥ 4F R Fhs R A

N v
A I

§ e €mn%ﬁ5w””*4ﬁ’ﬁﬁ%ﬁ
Rledair s gies R gat s
BREREF LS $HcE 433 o
1 RAFTHRASF
A
5u (%) T | A
A
¥ERE () |1,770| 354%| 35.4%
BERSLE (2 [1,170| 23.4% | 58.8%
A FesE (3) 1,510 302% | 89.0%
Wi (4| 550 | 11.0% | 100.0%
Bir 5,000 | 100.0%

42 WSz
j\/gngzzg’% ] oG S ol | IVAN L

(DA) » M2 2 21 E2 FlEEgs SR
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(BPN) > - fcz &~ #ie jHCART) & & ~ i
fett 2 A5 fF(MARS)® 1 S8 (7 5 % + (7 5
A s 2 B Y g4 7 SPSS
Inc. d1 5= 2. SPSS for Windows 12.0 (2003)%x st
R BB SRR PR T Vesta
Services Inc. 4! % 2_ Qnet 97 (1998)#c 48 » @ ~
SR TR Y ST R I
d Salford Systems #7:15%2. CART 6.0 ProEX
(2008)5~#c 48 2 MARS 2.0 (2001)3<#r 48 {7
AR S

ST MAEC S RE AR Y IR AR A R
R%e o ToFE B0 2 48 i M (robustness) © A FF

BHG c REZWALRWWE TR FHREES
My - BEE L B4 P ﬂ L VAN

14

PN H w8 LD o
A21FN AR EES

d N RREFTREY ¢ 78w R A\%frﬁ

PR D mE R FR PR &

#-w| & 15 % (stepwise discriminant analysis) > 14
% % e Wilks' lambda & (% #U B g)iT i
EHEN LT ECERE O EPa R
Wilks' lambda & "% 3 & K& & % HoiE » Fo)
GARF Y o gl BN SRR o d 43 B

7 & * 5-fold = * B #(5-fold cross-validation) #c? £:E ) 2338 € & ¥ ¥ #FW 2 A28 ok 2
CUREHGVEE S FN A LR S rT
%2 DA K2 @us 25
Y
W B Ax HHREL B P ek RAGH

3 441 411 465 412
T+ & 2.026 2.246 1.865 2.263
PR RGEBP 2 X #K .000| -4.835E-5 .002 .000
6 B T Y AR B & 032 016 020 016
T4 OB MR B 7.400E-6| -4.721E-6| 3.916E-6| -7.420E-5
BRSSP X #ik .001 3.736E-5 .002 .001
2B AFRYW T EE 3.700E-6 1.025E-6| 5.946E-7 1.078E-6
T 6B i&%? W F = ﬁﬁ: -.035 -.631 .033 -1.076
T30 Lotk PR AR -3.078E-5| -5.282E-6| -2.350E-5| -6.341E-5
3B LIBIERGE Y F -.013 .060 -.025 .028
T3M BFEARRY X .140 .070 .097 .104
(NN -1.356E-5| -3.291E-5| -1.313E-5 2.422E-5
%" %Eiifé * & .000 123 027 133
FEF AR EBH R 2 K .082 .063 .067 .065
BB AR -4.133E-6| 4.520E-6] -1.991E-6 1.968E-6
A A GE R 2.848E-5 3.102E-5| 2.398E-5 3.108E-5
IR A e -.173 .566 -.183 .054
T 6?30 % U ehT g .000| -6.961E-5 .000 .001
76 MY 30 % 02 =t #k -.188 -.744 -.241 8.167
SN Evets ) ESLES e .025 .031 .020 .006
é’?t? ﬁ.fi 2.958 1.979 3.566 2.088
R j;.* ?‘7':2& pal 12.224 11.141 11.944 9.783
K p fhalf’ 9.552 10.747 10.373 10.524
(% &) -25.949 -28.530 -25.418 -44.909
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Iﬂ::'._" =X ﬁgs—r)\ €ﬁP 7_ 4 gtﬁii ~ BE
*ﬁ@ﬂﬁﬁﬁﬁ B B HE
I AR Sl

%3 DAz #ul%

redict
1|23 |4 |8 &4

Target

1 329] 5| 20| 0| 354 | 92.94%

2 401180 12| 2| 234 | 76.92%

3 87| 0]213] 2| 302 | 70.53%

4 2| 15| 5| 88| 110 | 80.00%
FH s 5 81.00%

B EE & T

W5 T70.79% 5 Bt -5 B RS
N
a r’&r»

/P Fé‘?
R

Bl g A w5 81.00% ~ 81.30% ~ 81.50% ~ 81.10%
2 81.20% ° B T 3o Es] R 5 81.22% o

422 BN SRBEES T RS S

BREA SRR R
Zhang et al. (1998)z% 5 ¥ -

B o d
f\}%%?] e

i A 45 4

a2 AR AL 5L RS E R <
%;ﬁ»%ﬁ@a@

Pl AR P S -
‘2;&?«:%]36 & m]l}:ﬁ( K,L;\ )

¢ 7 ABBHEA A

1295 2 )l?et‘ dp - & 2n (Wong, 1991)
2n+1 (Lippmann, 1987; Hecht-Nielsen, 1990)%

Bl & G R s B
A Bl F R A
8788 % 5 fbie & it (7Rl3E
% ﬂ\ﬁﬂid—»—lﬁzﬁ—id.f‘

\:‘nﬁ/‘}é'

R * 1L 848586~

Wi L2 BHELET 4TEEY

HRFELL S

Y Sl Sl
A4 IR n 2 kR

i 4w {8

R SR Sl e S
PR BB E LE 7000 B
YR E Y % 45T 0.0006 FF

M R AR
REE A ET

& 0 RSB R 0.0006 ~0.0005 ~0.0004 ~ 0.0003 ~

0.0002 % 55 ¥ %

% 5 BPN H5% i % i 3 44 R 2

4 DAF R %@L
1 2R A S
2 FERY
v G e
1-1 2-2 3-3 4-4 N
op | AL 220 B3 A
- 192.94% | 76.92% | 70.53% | 80.00% | 81.00%
= | 91.81% | 74.36% | 73.84% | 82.73% | 81.30%
= | 96.61% | 75.64% | 68.87% | 80.00% | 81.50%
= | 96.33% | 73.50% | 69.54% | 80.00% | 81.10%
7 | 94.63% | 73.08% | 71.19% | 82.73% | 81.20%
=
1o | 9446% | T470% | 70.79% | 81.09% | 81.22%
A 3T A IR R AT A TR A
2 B E % 5 81.00% 0 B¢ o {1-1}' Gx

)i B #F% 5 92.94% 85 B > @ {3-3} i W #F

THo g 12344 SR I

I%»@»é‘?f‘ﬂ/ﬂﬁ

v X é\ T
BIRE W] o

L 2R F 0 R {xy)

SR OREEN 0 @y R op BV AT 23

¥ 5w ¥ 3% 1S
T % #c Gl T 5% e el
Y 1 (YL, Y2) | (0,0)
Y 2 (Y1, Y2) | (0,1)
Y 3 (YL, Y2) | (1,0)
Y 4 (YLLY2) | (1,1
d AP BT R TAER Y 2SR

R = Jr':i’ A (root mean square error,

F % BB g Mt

RMSE) & % & & i2 #7118,
aﬁﬂ#ﬂ”qﬁ’ﬁiﬁﬁﬂﬁw$&ﬁ
BRI L BB o 4 6 5

B 7

“~

* e ¥k

AR T T AR 294k &~ RMSE -~ RlEHK A

RMSE 2 jplzE 4k & 2. B 8w 5
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AR S {43-88-2-0.0006) 0 7 W~ K AT
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46 BPNH 278 fdce sz FHLES

e gy | WARMSE | BERMSE | R PR
N KR ] R
0.0002 0.191423 0.193616 82.20% 32:32

0.0003 0.179508 0.181876 84.50% 32:32

84 0.0004 0.173660 0.177806 85.10% 32:31
0.0005 0.173410 0.178722 85.30% 32:35

0.0006 0.170374 0.173064 86.60% 32:31

0.0002 0.185610 0.186987 83.00% 34:33

0.0003 0.178144 0.179835 85.10% 33:11

85 0.0004 0.177177 0.178002 86.20% 33:08
0.0005 0.173235 0.175144 86.40% 33:06

0.0006 0.171142 0.173691 85.70% 33:02

0.0002 0.191511 0.192631 82.40% 34:11

0.0003 0.179724 0.181088 85.10% 33:44

86 0.0004 0.175591 0.179696 84.50% 33:24
0.0005 0.172898 0.174977 85.80% 33:48

0.0006 0.171720 0.174154 86.20% 33:10

0.0002 0.188467 0.190257 82.80% 33:32

0.0003 0.177942 0.179417 85.20% 33:35

87 0.0004 0.178445 0.179413 86.00% 33:47
0.0005 0.172815 0.175010 85.70% 33:47

0.0006 0.169457 0.172918 86.70% 34:36

0.0002 0.186869 0.188219 83.40% 33:58

0.0003 0.177179 0.178450 85.40% 33:58

88 0.0004 0.173605 0.174706 86.60% 33:56
0.0005 0.173645 0.176029 86.00% 33:59

0.0006 0.169776 0.172069 86.90% 33:56

“ver--rrrrrrrrrrrrrrrrrrr1 11T T T T T T7T
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HCP G OA3 CERFEA G AEE 588
RAl S D 520 T 8 Y F 5 0.0006 pF
R B % (86.90%) gLt o d R 1 T

'J—é d1 % {43-88-2-0.0006} % #ck 37 o 2R &
RMSE ¢ Bz ar > 7 o {3 e s i) 2 4% -

07 HBIEE AL B GRS E
» H R EN L 86.90% 0 H ¢ x 12 {4-4}
2 E G OL82% 5 B o et TR
PR REB LI G AL PE 0 T RE AR R B
P332 5640 8 BE- TR 25 af;é_éhﬁtg
EHON TR P33 A 284 -
%7 BPN {2 F0 %%

redict ,
Target 1|23 |4 |8 &wF
1 321| 8| 24| 1] 354 | 90.68%
2 27(193| 5| 9] 234 | 82.48%
3 45| 0[254| 3| 302 | 84.11%
4 1| 3| 5[101] 110 | 91.82%
i E Al 86.90%

Z 8 P EEIE 5-fold 2} HwE® L E L2 K
faga o H 2% 065 86.90% ~ 89.70% -
87.70% ~ 87.50% ~ 87.40% - EHm 7 > A 5
BB PO AT R 2 FW B % 43T 86.90% 1

89.70%z B> @ H T 32 #w| 5 B 5 87.84%

%8 BPN ' 22 Sgagvl %

B Rl £ R BT L RATR R
B o A dEie ﬁrgﬁﬁg;u@g; &= 2 B BER
Tﬁ.&r?ﬂf“rﬁ @ A 9 PR BA ﬁw‘l‘ft?:*‘gj—ﬂ}g_

Nz R REE HipHE R HEGE
r:‘ir 6 " ¥ 30 % 1t ii(ﬂtJ"—ij‘6
BT PR s s T3 B

T T abk P M AR T EELF B X
2,
F

1
1

N

B Ty B TR MR B
THE X M 8 2. 0 B pE + = Bp 2
Tk, E8 R LRI He x 1 TiT6 B2

W 30 % 01 2 Sl 2 A E & HE 100%
EN -
%9 CARTH i 2 £ & Rt E 22

B j &P

‘ R

] (%)

X41 |25 6 B 7 43 30 = 2 = #| 100.00
6B LRl A

X20 78.32
CEE i

X28 |3 B TiokE b kA 75.29

X23 (BB = s p R 30.19

X31 [0 i % R 8.49

X22 |0 Ao s 6.15

X42 [BEt = HFa 2 #K 2.36

X18 |BE = psp 2 % 1.86

# VR BRI LS
2 B R
v G e
1-1 2-2 3-3 4-4
o | UL 22) 33 | e | S
- | 90.68% | 82.48% | 84.11% | 91.82% | 86.90%
Z | 98.02% | 88.03% | 79.47% | 94.55% | 89.70%
= | 89.83% | 83.76% | 86.09% | 93.64% | 87.70%
z | 98.59% | 88.89% | 74.17% | 85.45% | 87.50%
I | 91.53% | 79.49% | 86.09% | 94.55% | 87.40%
T
o 93.73% | 84.53% | 81.99% | 92.00% | 87.84%
423 7 FRHC R RS S
B dpir A E AR o 3 Gini
LN S o EA LR R R TR

P\
R NEY
EREELG TiT 6 B0 4 W 30 X
F AT 05=x ~T17 3 B2 Tiatk
FRAEFE B 52 AT EEEE S VTR
R R R FEsAEE o F I BETIL TS
FURELNPEETLRT  NRAEYE
P 4 HEIE GEARHCT T RIGE B 6 - i’;‘iﬂ! %5
P34 110 @ S5fold 2 R Bz F #5504
WA 120 B R M 2 EREY S 4 93.60%

RS DRI 4 SR
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%10 CART #5358 $oif 2 A 2R

EiCS 13 s BE LR )
1 X41<0.5 & X28<52 3
2 X41 <0.5 & X28 > 52 & X20 <98.5 & X31 <2570 & X23 <46 1
3 X41 <0.5 & X28>52 & X20<98.5 & X31 <2570 & X23 > 46 3
4 X41<0.5 & X28>52 & X20<98.5 & X31>2570 & X23 <56 2
5 X41 <0.5 & X28>52 & X20<98.5 & X31 > 2570 & X23 > 56 3
6 X41<0.5 & X28>52 & X20>98.5 & X23<52.5 1
7 X41<0.5& X28>52 & X20>98.5 & X23>52.5 3
8 X41>05&X22<11725& X42<1.5 4
9 X41>05&X22<11725& X42>1.5& X18<84 1
10 X41>05&X22<1172.5& X42>1.5 & X18> 84 3
11 X41>0.5 & X22>1172.5 4

Node 1
Class=4
X41<0.5
N=4000
I
[ |
Node 2 Node 8
Class=2 Class=4
X28 <52 X22<1172.5
N=3457 N=543
I S —
| S [
Terminal Node 3 Node 9 !Terminal !
Node 1 Class=2 Class=1 1 Node 11
Class=3 X20<98.5 X42 <1.50 I Class=4 -
N=919 N=2538 N=86 . N=457
[ : l P r—
Node 4 Node 7 | TTerminal I'| Node 10
Class=2 Class=1 I Node 8 | | Class=1
X31 <2570 X23 <525 I Class=4 - | X18 <84
N=1087 N=1451 N=9 1| N=77
| ' | ——L-. — o -L-,
Node 5 Node 6 Terminal | | Terminal | Terminal | | Terminal |
Class=1 Class=2 Node 6 I Node 7 Node 9 I Node 10
X23<46 X23<56| | Class=1 | Class=3 | Class=1 | Class=3 |
N=100 N=987 N=1260 | | N=191 | N=50 |, _N=27 1
r — L "= M ceccccedeccccen — L |
Terminal | - Terminal | : Terminal : rTerminall
Node2 | Node3 y i Node4 : : Node 5 Class 1 = = -Class 3
Class=1 || Class=3 | { Class=2 i) Class=3
N=67 " _N_=3_3 i N=973 I N=14 _I """" Class 2 =+ =Class 4

“eccccccececece | mm mm mm

B2 CART #5372 Boif Hiik 45 W)
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32 96.30%z2

oAk

94.80% ~ 94.70% ~

94.50% ~ 96.30% ~ 93.60% » @ 3 T ¥o 4 ]
Zp] 5 94.78%

PRET R T R 2 F R
o XL B - B MARS a0 15 A
A AR s Mow {8 iR A ) 3 2 (backward
stepwise elimination) & % ) 11 i & &5 ¥ 142 7k
Ll A T':}fi.'l’s? ARS &3 558 2 42

PYE o S A PAREE RNt A SR T

:
w2 gy o BblA T o %f’é?»%:"'m 36
B TR R ARTE S ST A R A 8%

M§E b = B4 p m%ﬁz:‘kaﬁ 80 = ,~T§ " 4F
B F ) M3 29% T 6 2 i 30 X 2
bz ol MY 1 S NTiT 6 B TR R
* g MY 6%% 4 pF 0 MARS B 5 2
ARFEE 2 Y IR E R 0 W T RAR R R
e ¥ BEAEL 5 F 2.0 §AEE I T}
EEP I B A3 27 52 80 % ~TF g
Bt & 428 29% "7 6 B0 i 30 = 12
2 e A 1 =k TiT 6 BT TR R
R E ALY | ARE 101%F e &
B TR Y SRR S T R T SRR R
th 24 Hp RE E

% 13 MARS V2 € & %32 pHEL LB

# 11  CART #5820 #w % %
redict .
1| 2]3 |4 |8&f| FH4F
Target
1 330, 21| 3| 0] 354 | 93.22%
2 41222] 2| 6| 234 | 94.87%
3 14| 0287 1| 302 | 95.03%
4 0] 0] 1{109| 110 | 99.09%
S 94.80%
# 12 CART #5582 = S dw & %
* R RN S
IS FERY 3
v G- B e
5 {1-1} {2-2} {3-3} {4-4} o
- 193.22% | 94.87% | 95.03% | 99.09% | 94.80% -
= | 94.35% | 92.74% | 94.70% | 100.00% | 94.70%
= 190.11% | 95.30% | 97.02% | 100.00% | 94.50%
= | 94.63% | 93.59% | 99.01% | 100.00% | 96.30%
T 1 94.35% | 88.89% | 94.04% | 100.00% | 93.60%
T
b 93.33% | 93.08% | 95.96% | 99.82% | 94.78%
24 5 AERET RPN TRE R
F Y R S S S TEE L.

B #c~ $7(ANOVA) 2 LOF-GCV &z 3% &1

pELL T

FARS o TP Rpe 7

u%iﬁiiﬂ¢ﬁﬁ%&°ﬁ%€—
A TIT 6 R T § R A

el

LI S

AEFR

VTR R R T

A Eg R

F PR & DB F AL A
EHY PR E LM

mﬁx L

it 6 B
FERRET F Mg

6 7 30X 1t )k, ES5HLERY
B JAPHE R PEIPTA 130 10 <
,xaﬁam%&JLWﬁﬁﬁﬁélm%%

BF oo
MARS
PR 3588

s v HEL R
* ﬁiq\‘ﬁ!“"‘?-’é‘

b

, -+

1 rﬁE’

£

joos g

#ix ) €& |-GCV
Rl i .

5 (%) B

X23 (BB} K MEp =X Hic 100.000{ 0.428
T6R Y TR T e

X20 43.550(0.214
BHIEF
IT6E Y A 30 % 02

X41 | | 35.189(0.197
=< #

X26 [iT6 B TR * 5 | 11.410[0.168

X32 (¥ PR F 10.395(0.167

o

MARS 743 8 & — 2 w2 & 75 4
155 @ 5-fold 2 = Bz % Bl 44 165 4
FORE 3w % 45 84.80% % 89.80%2 FF 0 A
% 86.10% ~ 89.80%  84.80% ~ 88.00% ~ 85.10% »
BT SRR A 5 ] S 86.76% -

il
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4 14 MARS #58 A A3 258 2 S 050 = 250

B AR

BF1 =max (0, i7 6 % ? T332

LR AR AR 2

BF3 =max (0, §E_} = %3 p 1% #—80.000)
AR P X k)
BF5 =max (0, §E} =X 835 p 0= #—27.000)

BF4 = max (0, 80.000 — §& *

BF7 =max (0,

iil; A

IR * % —29.000)

BF8 =max (0, 29.000— ¥ # 35 & # * )
BF9 =max (0, if 6 % * &% # 30 % 2 F 2= #c— 1.000)

BF10=max (0, 1.000—:7 6 i *
iIT6 B2 T ?_,/}i

BF11=max (0,

BF13= max (0,
BF15= max (0,

W 30 % 2= )
AR 2 L & 37 — 101.000)

BB AR p eh X #—251.000)
6 TIIER R K

+6.000)

—8.000)

MARS i 078 = /25¢ ¢
Y =0.156—0.010 x BF1 —0.089 x BF3 +0.044 x BF4+0.084 x BF5
+0.006 x BE7 —0.007 x BF§ +0.087 x BF9—0.522 x BF10

+0.010 x BF11+0.005 x BF13—0.007 x BF15

# 15 MARS #5538 2 g5 B %

% 16 MARS 5V 2 ) G gn) e

- 4 TR A

redict .y S i

Target 1|23 |4 |8 &FwF ‘:J {1-1} {2-2} {3-3} {4-4} ; ij

1 325 291 O] 0] 354 |9L8I% = "Tg) g4 | 80.34% | 84.11% | 85.45% | 86.10%

2 241193 17] 0] 234 |80.34% =193 579, | 85.04% | 89.74% | 89.09% | 89.80%

3 0] S1]249] 2] 302 | 8411% ~~ T 1104 | 76.50% | 86.75% | 80.00% | 84.80%

| 4 12] 94] 110 185.45% " 193229 | 82.05% | 89.40% | 80.00% | 88.00%

FR g 5 86.10% 7] 9520% | 72.22% | 85.43% | 79.09% | 85.10%
~

L | 92:71% | 79.23% | 87.00% | 82.73% | 86.76%

43 FEVHR

4.3.1 T 3ok py gu) 5
SR L AL 0 B4 B

5-fold % & B3z #-u| ik % AT 3
177 doo A S GRS 2 T SR ] %

% 17 - o
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