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Abstract
Extracting text region from images or video
streams can be widely used in various application
fields. A new method for text extraction in natural
scene background is proposed in this study. This
proposed method employs the
connected-component (CC) based text extraction
skills to produce automatic detection and
segmentation of text from the digital images. The
fast algorithm for labeling connected component
is developed to generate CCs. The wavelet and
texture are extracted from the remaining CCs,
and these features are provided to the Adaboost
classifier as an input for classification. With the
strong classifiers, the CCs can be easily
categorized either as texts or non-text character.
Due to this circumstance, CC can be categorized
as the text and then produce the final extraction
result. The result can successfully facilitate the
precision rates of text extraction up to 94.65 %
and the computational cost can be efficiently
reduced through the speed of convergence of
Adaboost algorithm.
Keywords: Text detection ~ Discrete Wavelet ~
Adaboost
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