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Abstract

In this paper, we use the Support Vector
Machine (SVM) to identify the ambulance siren.
The method is divided into the training
processing and the identification processing. In
training processing, the pure sound of ambulance
siren is used to obtain the classification model. In
identification processing, the ambulance siren
signal can be recognized if the high frequency
part or the low frequency part exists in the voice.
In the experiments, we show the performances of
the proposed scheme.

Keywords: Support Vector Machine, ambulance
siren, voice recognition, high frequency, low
frequency.
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